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- OI23 X A% 1} (MDP, Markov Decision Process) (1/9)
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023 = A% Ut (M DP) (2/9)
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24; ok B AL (bellman equation)
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-OtEZ T 278 % (MDP) (6/9)
« X = 2 72§ (DP, Dynamic Programming)
- Bt Zo| Ho|HEL B4 ?:H‘—E_ 2o AU AR, HBH A
% H.{%"—*.QE AM235l04 7hx| g0t %X MRS H A=
Hrd
O H
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IR 7hx| 48 U RO R HAISHR 2t el 7hxI7}
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a

YM2 Ool2 5§31, 7kX| geh Al

o MM g7 F0{H
o ZF AEHOM XA rof 2 S
DM 2o CFS 2Efe| 7Hx| A4S et
- v (s) YOIO|E
- 2= HEO| 7IX|7} = "% 77 K| g+=
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- 5 = 2724 (DP, Dynamic Programming)
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A 71 M(policy improvement)
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ar(s,@) = ) p(s', 715, @[ +Yvr(s")]

o|+

7tx = 20E F1, YME T

- M= HBHE (policy iteration)
A

42 Toboh KA M BHE ol 2|5 HAS &S
ﬁ
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- OI23 X A% I (MDP) (9/9)
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|8t 2 (model-based learning)
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